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Backgrounds Findings Conclusion
Early detection of lung nodules in CT 1maging is critical for improving 2 . ] S o .
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challenges: high computational complexity (large parameter counts) and 1l Model Accuracy Comparison (%) Genetic Algorithm Fitness Convergence

training instability (gradient vanishing/exploding issues).
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spatiotemporal dependencies while ensuring stable training and Ensemble CNN _ 94.10% ) over VIT & 2D U-Net
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parameters, making it highly efficient for resource-constrained clinical 2 Component Contribution Breakdown i e 4.2M Parameters
environments. — Bl Accuracy M Sensitivity  Specificity: 97.27% e Low GPU Footprint
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