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' Key Findings

« Diabetic foot ulcer (DFU) is one of the most 1. Study Selection 2. Most Commonly Used Algorithms Random Forest, SVM, XGBoost and CNN
common complications of diabetes, leading " e N & were the most commonly used algorithms
to over 100,000 amputations annually Records dentifed from databases ‘ e e
worldwide (1). Identification (n=1,248) - 42%

+ Early detection and accurate prediction g | Deep learning models showed high performance
play a key role in reducing its economic [After duplicates removed 2 30 28% (>90% accuracy) in DFU detection.

H
and human burden. e ) %
20 " " -

+ Recently, machine learning (ML) algorithms J' H Combining clinical and imaging data
have emerged as novel tools for predicting Tile and abstract screening g significantly improved prediction accuracy.
and managing DFU (2). (n=312) &

Eligibility l
« This study aimed to systematically review 0

the application of ML algorithms in the prediction it | - o Rl ot O/ Conclusio
and management of DFU. (n=87)

Included l + Machine learning, particularly deep learning

Studies included ‘ models, shows high potential for early
O Methods (n=32) prediction and management of DFU
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Design 3. Key Findings and can serve as a clinical decision support tool.
Systematic review (PRISMA guidelines) N NN Resutts + However, challenges such as limited labeled data,
Databases Deep/Leamning Performarice : S poor generalizability, and ethical concerns remain.
PubMed, Scopus, Web of Science, Google Scholar Yap et al. reported >90% raiwan et al. report E

accuracy in DFU detection (2), ‘accuracy and 88% sensitivity « Future studies should focus on multimodal models
Keyprords using CNN (3). and external validation.

Time range
2020 - 2026

Inclusion criteria

Original and review studies on ML appncauons
in DFU prediction or management

ity Msemtrint 0 Combining clinical and imaging data significantly
Standard tools; qualitative analysis

Deep Learning’
" “Management”
. Theomalimaging +L Xt for estngrciction
) Khandakar et al. achieved 85% ll.ll Rashid et al. reported 88%
accuracy by combining thermal accuracy in predicting DFU
imaging and ML (5). healing using XGBoost (4).
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improved prediction accuracy (2, 4). Khandakar A, et al. Sensors. 2022;22(5):1890.
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